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'A Abstract

Ultra-dense networks (UDNs) are expected to be applied for the fifth generation wireless system (5G) to meet the requirements of

very high throughput density and connections of a massive number of users. Considering the large amount of small base stations

(SBSs), how to choose proper backhaul links is an important problem under investigation. In this paper, we propose a wireless

backhaul algorithm to find an effective backhaul method for densely-deployed SBSs and to maximize energy efficiency of the sys-

tem. We put forward adaptive backhaul methods of indirect and direct modes. The SBS can select the direct backhaul which con-

nects to the macro base station (MBS) directly, or the indirect backhaul which selects an idle SBS as a relay based on the back-

haul channel condition. The algorithm also allocates network resources, including the power of SBSs and system bandwidth, to

solve the serious interference problem in UDN. Finally, the simulation results show that the proposed wireless backhaul algorithm

has desired performance to achieve higher energy efficiency with required data rate.
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1 Introduction

he fifth generation wireless system (5G) is predict-

ed to be commercialized by 2020 [1]. In order to

meet the expected 1000 times increase in capacity

of existing cellular networks, experts believe that
technology innovation is necessary [2]. Ultra- dense networks
(UDNGs) are proposed to improve system throughput by densely
deploying small base stations (SBSs) in the network. On the
other hand, it brings huge backhaul traffic load, especially for
wireless links. It also indicates more energy consumption of
the backhaul process for huge traffic.

Energy efficiency is an important indicator of network perfor-
mance and a challenge for UDN, which has been studied by
many researchers. For examples, in [3], the network energy effi-
ciency of some open channels in a small-area network is dis-
cussed and evaluated. In [4], the energy efficiency is improved
by power allocation and load balance constraints. In [5], the en-
ergy efficiency of SBSs and regional energy efficiency can be
improved by deploying SBSs and reducing the transmission
power of macro base stations (MBSs). Most of the existing stud-
ies about UDN focus on optimizing the energy efficiency of the
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access network. However, the backhaul capacity is also a con-
straint on the overall network throughput.

With the intensive deployment of the SBSs in UDN, most of
the user devices choose to access the SBS rather than MBS in
order to obtain a higher data rate, so the number of small cell
user equipment (SUE) is much larger than that of macro cell
user equipment (MUE). Furthermore, due to the short inter site
distance (ISD) between SBSs, the interference environment
and resource allocation are quite complex for wireless back-
haul transmission. When the limited capability of SBSs and en-
ergy consumption during the transmission are considered, how
to choose proper backhaul routing is an important problem and
still under investigation by researchers. In [6], backhaul con-
straint is considered as an important constraint for network per-
formance while modeling a heterogeneous network.

Some research in backhaul has been published. In [7], a
new wireless backhaul architecture of dense small cell network
is proposed, which optimizes the backhaul path selection and
wireless backhaul link scheduling. And in [8], the requirement
of the backhaul traffic is evaluated, which indicates that the co-
operation between MBSs and SBSs could improve the network
performance. In [9], the resource management for wireless
backhaul is studied to optimize performance of UDN. In [10], a
joint optimization mechanism for forward and backhaul links is
proposed which takes into account both the transmission power
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and the backhaul data rate. However, the wireless backhaul
transmission with consideration on energy efficiency is still an
open issue and needs further investigation.

In this paper, we propose a wireless backhaul algorithm in
UDN to maximize the system energy efficiency. The proposed
algorithm considers the channel condition, the backhaul rate
requirement and the interference factors between SBSs for se-
lecting an appropriate backhaul mode. There are two types of
backhaul modes. One is that the SBS connects to the MBS di-
rectly, which is denoted as direct backhaul. The other is indi-
rect backhaul in which the backhaul data is sent to the relay
base station acted by surrounding free SBSs and then to the
MBS. In [11], the advantages of relay in energy efficiency is de-
scribed. Meanwhile, Combining the content of [3]-[5], the sub-
channels and transmit power are allocated to the backhaul
nodes along the route, to meet the data requirement and en-
hance the overall network energy efficiency. Simulation results
have proved the effectiveness of the proposed algorithm.

2 System Model

We consider a two-tier heterogeneous UDN scenario shown
in Fig. 1. It contains a MBS and several SBSs densely de-
ployed in the coverage. In this paper, the SBS with user access-
ing and backhaul requirement is defined as the backhaul small
base station (BSBS), and the SBS without user accessing is de-
fined as the idle small base station (ISBS). The MBS communi-
cates with the core network through a fiber link. The BSBS ob-
tains the data information required by the user through the
wireless backhaul link with the MBS for the cost of the optical
fiber between a lot of SBSs and the MBS is expensive. [12] We
focus on planning the wireless backhaul link of the BSBS in a
centralized manner. Also, we summarize the data rate require-
ment required by the BSBS users as the backhaul rate require-
ment of the BSBS.

The BSBS for possible backhaul routing is shown in Fig. 2.

b
Wb ?ﬁ

MBS: macro base station

AFigure 1. Wireless backhaul in UDN.
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Figure 2.»>
Backhaul link
selection for a BSBS.

BSBS: backhaul small base station  MBS: macro base station

We assume that there are n sub-channels in the system, denot-
ed by the set K as: K = {ki, k», ---, k.}. Only one MBS which is
denoted as B and a total of z SBSs are in the system. It is as-
sumed that at some points, the number of BSBSs in the system
is p, which is expressed as the set I, [ = {i,, i, ..., 1,}. The num-
ber of free base stations is ¢, which is expressed by the set J,
J =14 Jj» - Jo}- As shown in Fig. 2, the base station i is a
BSBS and the base station j is an ISBS. The backhaul data,
which is required by any UE access to i, needs transmitting
from i to the MBS. One way is direct backhaul and the wireless
link between B and i is denoted as Lg:). Another way is indi-
rect backhaul where j acts as a relay base station through the
wireless backhaul link; the wireless link between B and j is de-
noted as Lg; and the wireless link between j and i is denoted as
L.

MBS is used here as a centralized control node for the back-
haul routing design for deployment convenience. It plays the
role of backhauling management for all the SBSs within its cov-
erage, focusing on backhaul data rate requirement, wireless
link interference and resource allocation. Moreover, it is as-
sumed that the base station 7 in the system could only select
one method from the direct and indirect backhaul modes for

backhaul.

3 Problem Formulation

3.1 Problem Description

In the network, the BSBS may be far from the MBS in Euler
distance with poor quality channel, or the interference of back-
haul link may be serious, resulting in that the BSBS is not able
to meet the backhaul rate demand of users. In such cases, we
will choose a proper ISBS as relay for backhaul.

The direct mode for transmitting data back to the core net-
work is simple and easy. However, the available resource is
limited and its backhaul network throughput is lower than that
of the indirect mode. Although the indirect mode is more com-
plicated with higher cost than the direct mode, we can organize
the backhaul network well. In the indirect mode, more resourc-
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es are available so that the network throughput can be greatly
improved. At the same time, the energy efficiency of the net-
work can be improved by making full use of the resources rea-
sonably.

The association matrix X is defined to characterize whether
a wireless backhaul link is established between the base sta-
tions. In the association matrix X, ¥g;=! indicates that a
wireless backhaul link, Lg4,, is established between B and i,
which is a direct backhaul mode. %5, =1 and %;,=1 mean
that there are wireless backhaul links established between B
and j, as well as between j and i. It is an indirect backhaul
mode.

The association matrix A is defined to characterize whether
particular sub - channel resource is occupied by a particular
wireless backhaul link. In the association matrix A, df{_” =1 in-
dicates that B occupies the sub-channel k& when transmitting
the data to ¢ through Lu,, and vice versa afm=0 means that
the sub-channel % is not occupied by B when transmitting the
data to ¢ through L.

3.2 Problem Modeling

Based on the assumption, it can be deduced that on Ly,
when B transmits data through the sub-channel £, i receives
the signal to interference plus noise ratio (SINR) which is:

ab ok Rk

. ®.0P 5.y 8.0 0

(B.i) Y 27 1
D F 0GPl O

jel

koo _
SINR, , =

where P&L-) is the transmit power of j on the sub - channel k
when the wireless backhaul link is established by j, which is
limited by the maximum transmit power of the SBS. hfj_i) repre-
sents the channel gain on the sub-channel k£ of the wireless
backhaul link between j and i. The sum in the denominator is
the interference from the surrounding SBSs when i receives the
data transmitted from B by the sub-channel k. ¢ is additive

white Gaussian noise (AWGN), which can also be written as

a’=N,B.
Based on (1), the rate of i provided by B can be expressed as:
T = D blog,(1+SINR, ), )

k

where b represents the bandwidth of the sub-channel.
Similarly, the data rate on Lg; can be expressed as:

Twjy= Zb log,(1 + S]NR(AAJA)). 3)

¥
When j receives the data transmitted by B through the sub-
channel £, the SINR is:

ak pk hk
Eo_ A CRCY)
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Likewise, the data rate on L, is:
_ k
Tin= Zb log,(1 + SINR/..)). (5)
The SINR of i on sub-channel £ is:
Eook gk
— @ Pyl
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, in (6) indicates that
i is disturbed by the other relay base stations on the same sub-

The first sum in the denominator, / (l;»_[)
channel. The second and third summations, I(’;;,L-) and ](IZ;J),
mean that ¢ is disturbed by B. In all the backhaul links L,
and L, up to one backhaul link occupies the sub-channel £,
so either the second or third summation must be zero.

It can be analyzed that in the whole network, the total wire-
less backhaul throughput is provided by B and the relay base
stations. By (1)—(6), the total throughput in the system can be
calculated as:

R= Zrm,» + Zrum + erw)' (7
i y PR

The power consumed by B can be expressed as:

_ Eok ok ok k
Py= ;(wa,a“(&apw,i) + Zx(B,ﬂa(B.j)p(B,ﬂ]’ ®)
-\ 4 -

where the left half of the plus sign indicates the total power
which is consumed by B to provide the data rate for i, and the
right half is expressed as the power consumed on the wireless
backhaul link of j. It must be ensured that B only provides ser-
vice for only one SBS on a sub-channel when allocating sub-
channels.

Similarly, the power consumed by j can be expressed as:

P;= ;Zx(},i)“f}.al’@.i)' 9)

It can be seen that the total energy consumption in the sys-
tem is the sum of the power consumption of the wireless back-
haul link on the MBS and the relay base stations:

Plulal = PB + ZPj' (10)
J

The optimization goal is the overall energy efficiency of the
system backhaul:

arg max (11)

total
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The system energy efficiency is constrained by the following:

Cirgy* ;’w =", Vi, (12)
Cyiryy= Z’(/‘.m V. (13)
Cy P,<P™. V], (14)
C,: P,<P;", (15)
Cs 1=y, =5, Vi, 3, (16)
Co: % =%, V7, 3i, 17)
Cy: zi,x(ﬁ,i)a:t&i) + wa,ﬂa(ké,ﬂ <L Vk, (13)
Cg: %% 5% 5. € {0,1}, V., (19)
Cy: af‘é,i), a(kg’j), (lf,-,i) e{0,1},V},i,k. (20)

In these constraint conditions, the traffic load of all the us-
ers accessing i is expressed as 7, . C: indicates that it must be
ensured that the data rate of the backhaul is higher than or
equal to the user traffic load of i whether selecting direct back-
haul or indirect backhaul. C, means that when j provides an in-
direct backhaul service for i as the relay, it is necessary to en-
sure that the data rate received by j is equal to or higher than
the data rate sent out of j, which is reasonable and effective.
When the rate on Lg, is higher than the data rate provided by j
for i, j can still cache the data and then forward it to i gradual-
ly. Cs indicates that the sum of the total power of j on each sub-
channel is smaller than the maximum power of the SBS. Simi-
larly, C; indicates that the sum of the total power of B on each
sub-channel is smaller than the maximum power of the MBS.
Cs and Cs represent the choice of the backhaul mode of all
BSBSs in UDN. (s indicates that i either selects direct back-
haul or is provided with an indirect backhaul by at least one IS-
BS, j. And C; indicates that j must create a backhaul link with
B as long as there is a BSBS receiving the backhaul data from
J- C; indicates that any sub -channel can only be occupied at
most once on the wireless backhaul link of B. Cs and Cs mean
that the establishment of the radio backhaul link and the occu-
pancy of backhaul link to the sub-channels are binary discrete
variables. The value of these variables can only be 0 or 1.

4 Problem Resolving

The problem established by (11) to (20) is the joint optimiza-
tion problem of backhaul mode selection, base station power al-
location and sub-channel assignment. It is a non-deterministic
polynomial-hard (NP-hard) problem [13]. Considering the com-
putational cost, we introduce the quantum behavior particle
swarm optimization (QPSO) algorithm [14] to solve the problem.
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Fig. 3 shows the problem solving based on the QPSO algo-
rithm. The concrete steps are described as follows:

1) The parameters for QPSO are initialized, including particle
position, the total number of particles, and the maximum
number of iterations. Each particle location includes three
parts of information: the backhaul mode selection results of
all base stations in the system, the occupancy results of all
sub-channels on the wireless backhaul link, and the power
allocation results of the base stations on each sub-channel.
The total number of particles is M and the maximum num-
ber of iterations is S.

2) An initial value, X,0)m=1, ...
ables of each particle. The zero-variable for the backhaul

M) | is assigned to all vari-

link establishment and sub-channel occupancy is set by ran-
dom initialization, then compared to 0.5. If the random num-
ber is larger than 0.5, it is set to 1 and if less than 0.5, it is
set to 0. The transmit power of the base station is assigned
by taking a random value between 0 and the maximum pow-

‘ Initialize the algorithm parameters

)

For each BSBS base station, initialize the backhaul link, the
occupation of subchannel on the link and initial value of the power
of the base station

v
The initial position of each particle is set using the initial
values of the initial three variables

)

At some point, the system’s energy efficiency
corresponding to the particle is calculated by the particle’s position

)

At the next moment, update the position and speed of each
particle
¥
After each update of the particle position, the fitness
function of each particle is calculated, and the fitness
function values of all M particles and the penalty function
vulue of M particles are recorded
¥
According to the fitness function values of M particles, the
best position of each particle is updated, and the best
global position in M particles and the real system energy
efficiency correspoding to the particle are recorded

The number of iterations is less than the
maximum number of iterations .S

Output the solution corresponding to the optimal position
in M particles
¥
According to the optimal solution, the backhual method of
all the BSBSs in the network, the occupation of the
subchannels by the backhaul link and the power allocation
of the base station are obtained

BSBS: backhaul small base station

AFigure 3. The problem resolving based on the QPSO algorithm.
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er. We define the initial value of every parameter in every
particle in this step.

3) All the particles are iterated. In the process of iteration, the
energy efficiency of the system corresponding to the particle
is calculated by the position of each particle at a certain
time. We get the first indecisive result in this step.

4) The position and velocity of each particle are updated ac-
cording to the characteristics of the QPSO algorithm. The
next position of the particle is determined by the current po-
sition and velocity of the particle. We change the location of
every particle to find the better solution.

5) After the particle is updated, the fitness function of each par-
ticle is calculated and the fitness function value and the cor-
responding penalty function value of all M particles are re-
corded. In this step, we get the result of each particle.

6) The optimal position of each particle is updated according
to the fitness function of M particles. The global optimal po-
sition and the optimal position corresponding to the real en-
ergy efficiency maximum of M particles are recorded. Ac-
cording to the result of each particle, we find the best result
in these particles.

7) It is determined whether the number of iterations s reaches
the maximum number of iterations S. Reaching the maxi-

mum number of iterations makes the output X, and the co-
rresponding solution of the optimal position of M particles
G(s), then we go to step (8); otherwise, return to step (5). We
loop the iteration of these particles to get better results.

8) According to X, , the optimal solution of the optimal pos-
ition G(s), the backhaul mode of all the BSBSs, the occu-
pancy of all the sub-channels on the backhaul link, and the
power allocation results of the base stations on each sub -

channel are obtained. We finally get the best solution.

m

S Simulation Results

The simulation scenario is shown in Fig. 1. The MBS can
cover an entire 100 m X 100 m network, and the SBSs coverage
radius is 40 meters.

The wireless channel model includes two parts, small-scale
Rayleigh fading and large - scale path loss, which can be ex-
pressed as h(j,l):h(z)(fﬂ. ho is the complex Gaussian channel
coefficient, d is the distance between the BSBS and the MBS
or relay base station, and the path loss factor o = 4. The spe-
cific simulation parameters are shown in Table 1.

The backhaul method proposed in this paper is a combined
one of the direct and indirect backhaul, while the most existing
centralized backhaul in the real networks uses the direct
mode. Therefore, we choose a direct backhaul algorithm to
compare with the proposed wireless backhaul algorithm to veri-
fy the performance of the proposed algorithm.

It can be seen from Fig. 4 that the proposed algorithm has
converged. As the number of iterations increases, the maxi-
mum system energy efficiency is increasing. This is because

20 | ZTE COMMUNICATIONS June 2018 Vol.16 No. 2
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with the operation of the quantum particle swarm optimization
algorithm, the current optimal solution is constantly updated,
and the energy efficiency of the system obtained by the current
optimal solution also increases, indicating that the particle con-
tinuously approximates the suboptimal solution of the QPSO al-
gorithm. The algorithm has reached the maximum system ener-
gy efficiency at about 700th iteration.

Fig. 5 shows the relationship between the number of BSBSs
and the system energy efficiency. The number of BSBSs in-
creases from 5 to 10 and the total number of SBSs in the sys-
tem grows from 10 to 20, so that each BSBS has one or two IS-
BSs that can serve as its relay. The total energy efficiency of
the system decreases gradually with the increase in the num-
ber of BSBSs. The system energy is consumed by the transmis-
sion of the MBS and the relay base stations on their respective
wireless backhaul links.

When the number of BSBSs is small, the energy consump-
tion of the system is almost from the MBS, which results in

VTable 1. System simulation parameters

Parameters Value
MBS maximum transmit power 1w
SBS maximum transmit power 03 W
MBS coverage 100 m
SBS coverage 40 m
The total number of SBSs 10-20
BSBS backhaul rate requirement 10 Mbit/s
System bandwidth 10M
The number of sub-channels 20
Sub-channel bandwidth 500 kHz
Noise power spectral density -174 dBm/Hz
Path loss factor 4

BSBS: backhaul small base station ~ SBS: small base station
MBS: macro base station

x10°
127

10+

Energy efficiency (bit/])
o

0 . . . . . . . . .
0 100 200 300 400 500 600 700 800 900

Iteration times

AFigure 4. Convergence curve of the proposed algorithm.
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5 6 7 8 9 10
The total number of BSBSs
BSBS: backhaul small base station

AFigure 5. Relationship between the number of BSBSs and the system
energy efficiency.

high energy efficiency with higher throughput and lower ener-
gy consumption in the system. With the gradual increase in the
number of BSBSs, the transmission power of the MBS could
not meet the backhaul rate requirement of those BSBSs with
poor channel quality, so that the energy consumption of the sys-
tem also occurs in the relay base stations; the system energy
consumption relatively increases with a large amount. Com-
pared to the energy consumption, the increase of system
throughput is relatively small, so that the system energy effi-
ciency gradually reduces. In spite of this, the algorithm
achieves the highest energy efficiency in the system by optimiz-
ing the backhaul mode and system resource allocation under
the premise of ensuring the BSBS backhaul rate requirement at
the specific time, the specific BSBS number and backhaul rate
requirement.

Fig. 6 shows the relationship between the number of BSBSs
and the system throughput. As can be seen in Fig. 6, using
whether the direct backhaul or the proposed backhaul, the sys-
tem throughput increases with the number of BSBSs increas-
ing. Assuming that the backhaul rate requirement of each
BSBS in the system is the same, with the increase in the num-
ber of BSBSs, the total backhaul rate requirement of the sys-
tem will gradually increase, so that using whether the direct
backhaul or the proposed backhaul, the system throughput will
gradually increase. However, the rate of increase in system
throughput in the proposed backhaul mode is greater than that
in the direct backhaul mode, because there are some cases that
the quality of the channels between these BSBSs and the MBS
is poor in the network. The proposed backhaul can also pro-
vide the backhaul service for the BSBS by the relay base sta-
tion, which makes the system throughput growth rate even
greater. It can be seen that the proposed backhaul provides
greater system throughput as the number of BSBSs increases
compared to the direct backhaul.

Fig. 7 shows the relationship between the number of BSBSs
and the number of BSBSs that meet the backhaul rate require-
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Throughput of the network (bit/s)
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BSBS: backhaul small base station

AFigure 6. Relationship between the number of BSBSs and the system
throughput.

ment. Likewise, the direct backhaul is compared to the pro-
posed backhaul. With the increase in the total number of
BSBSs, the number of BSBSs that meet the backhaul rate re-
quirement is increasing whether using the direct backhaul or
proposed backhaul. When the number of BSBSs is small, the
total backhaul traffic load in the system is not very large. And
the MBS is sufficient to meet the demand of the total backhaul
rate of the whole system. Therefore, both backhaul modes can
meet the requirement of all BSBS backhaul tasks, such as in
the case that the number of BSBSs is 5. When the number of
BSBSs increases, the total backhaul flow load increases in the
system. The MBS may not be enough to support the gradually
increasing backhaul traffic load. At this time, the ISBSs serve
as relay base stations for BSBSs by proposed algorithm. Al-
though the backhaul rate of some BSBSs can’t be satisfied us-
ing whether the direct backhaul or proposed backhaul algo-
rithm, the number of BSBSs satisfied by proposed backhaul is
greater than by direct backhaul. It can be seen that the pro-

101
9l —&— Proposed backhaul
—#— Direct backhaul
A 8r
7
@ Ir
3
g 4t
E
£ 37
£
= 2r
1 L
0 L L L L J
5 6 7 8 9 10
The total number of BSBSs
BSBS: backhaul small base station

AFigure 7. Relationship between the number of BSBSs and the number
of BSBSs that meet the backhaul requirements.
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posed backhaul performs better on supporting the backhaul
traffic load of the entire system.

6 Conclusions

In this paper, a wireless backhaul algorithm for maximizing
energy efficiency is proposed in UDN. We propose a model of
combining direct backhaul and indirect backhaul, with consid-
eration on the limited capability of SBSs, energy consumption
during the transmission, channel quality and other factors. The
corresponding sub-channels and transmit power are also allo-
cated to maximize the system energy efficiency. The problem
is a mixed integer nonlinear programming problem and solved
by QPSO algorithm in this paper. The simulation results show
that the proposed algorithm has desired performance to guaran-
tee the high energy efficiency of the system and to effectively
meet the BSBS backhaul rate requirement in the system. In the
future, other factors for wireless backhaul routing may be con-
sidered such as load balance of the relay SBSs.
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