BT SSINEEIBHREREDE

B I8 F I E e R

BRRE

Interpreting Machine Learning—Based Intelligent Routing Algorithms

#FIL/MENG Zili, #RHEA{H/XU Mingwei

(BHRS, DE LR 100084)
(Tsinghua University, Beijing 100084, China)

DOI:10.12142/ZTETJ.202305009
WS BRRAIIL: http://kns.cnki.net/kems/detail/34.1228.TN.20231017.0948.002.html
LS BhREEE: 2023-10-17

IRSEER: 2023-08-02

BE: FRTETVSZINBRBHOEHRE, FHRET I WE T2 JNEBBEANERID A, Z0AT NN BENEER
ESRAMEERRGRHTER, R/ PAELUNEEREE A, NESBERULARLSFEHERBESINTMERLRR,
AR A EH—BIEER, HREE, 1B E10.

X EeKsh; Beans; B, UBEEBH

Abstract: The recent advances in machine—learning—based intelligent routing algorithms are reviewed and a new interpretation method for
machine—learning—based intelligent routing algorithms is proposed. This method can explain output decision results of black—box technolo-
gies such as neural networks. Network operators can therefore utilize such an interpretation method to understand the logic behind it. Fur-
ther optimizations of the algorithm, debugging, and enhancing the confidence of deployment can be explored.
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