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Abstract: The NetGPT framework, which is founded upon the alignment of large language models (LLMs) tailored for both edge and cloud de-
ployments, is introduced. Edge—oriented LLMs harness location—based data to effectively personalize content augmentation, facilitating
seamless interactions with their cloud—based counterparts. The viability of the NetGPT paradigm is empirically substantiated through the de-
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i Please set a connection between Cloud point
i two and Access point one, with 10 Gbit/s | !

My connection point is Access three and |
need the connection to Cloud one, band -
width is 5 Gbit/s, traffic protection isn't

Access two to cloud two, |
{1 2 Gbit/s. Traffic protection |

i bandwidth and Traffic protection. needed. is mandatory.
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5] 10 Gbit/s 5 Gbit/s 2 Gbit/s
“ERY =imEO Cloud two Cloud one Cloud two
GPT-2-base BAEO Access one Access three Access two
BRI Yes No Yes
5 Gbit/s @ 1
) e - s .
BN 3 =) 2 Gbit/s 2
i
2 =] @9
] 10 Gbit/s
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