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Abstract: An adaptive ant colony algorithm based on Spark platform is proposed to solve the large—scale capacitated vehicle routing problem
(CVRP). First, the algorithm uses improved adaptive state transfer rules and dynamic pheromone update strategy to alleviate the drawbacks
of fixed parameters; then, it combines 2—opt for local search optimization; finally, the algorithm is implemented in distributed parallel on
Spark cluster, using the application programming interface (API) provided by Spark to realize various operations on ant colony resilient distrib-
uted datasets (RDDs) to achieve ant colony distributed computation. The experimental results on the standard dataset CVRPLIB show that

the algorithm has a significant improvement in the speed of solving the large—scale arithmetic problem.
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