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Abstract: In the past ten years, deep learning has made great progress in algorithm, computing power, and data, which has enabled artificial
intelligence (Al) technology to meet commercial requirements, and has an increasingly wide range of application in various kinds of business,
and the scale of the industry has continued to expand. In terms of basic models, there have been key breakthroughs such as convolution
and attention mechanisms; in terms of learning methods, technologies such as reinforcement learning, self—supervised learning, and parallel
training of large—scale model have greatly enhanced performance. New Al chips continue to emerge, and computing energy efficiency has
increased by a hundredfold. In the next ten years, deep learning will maintain a sustainable exponential growth trend, and green, efficient,
and safe will become the new core elements. Spatial computing, approximate computing and other technologies are expected to continue
to improve the performance of Al chips by a hundredfold. Some integration tools will appear to solve the increasingly severe ecological frag-

mentation problem. Al security and trustworthiness will become the basic requirements for the application of Al technology.
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