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Abstract: The extremely large—scale Chinese multimodal pre—trained model M6 is proposed by Alibaba DAMO Academy, and the 10 B, 100 B,

1T, and 10 T versions of M6 are released. M6 has been trained efficiently with low carbon emission, and it has been deployed in multiple sce-

narios, which leads to the creation of new products as well as performance improvement. Also, to provide better services, the easy—to—use
M6 platform for users to leverage large—scale pre—trained models is released by DAMO Academy.
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