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Abstract: The world’s first large—scale autoregressive pre—trained Chinese language model named Pengcheng—PanGu with up to 200 billion
parameters is presented. Pengcheng—PanGu is developed under the Pengcheng cloud brain Il . 1.1 TB high—quality Chinese data from a
wide range of domains to pre—train the model are collected. The training parallelism strategy is implemented based on all-scenarios artificial
intelligence computing framework MindSpore Auto—parallel, which composes five parallelism dimensions to scale the training task to 4 096
processors efficiently. The experimental results demonstrate the superior capabilities of Pengcheng—PanGu in performing various natural lan-
guage understanding and natural language generation tasks under few—shot or zero—shot settings. On this basis, Pengcheng—PanGu model
has also achieved better application results in large model compression, prompt fine—tuning, multi—task, and continuous learning.
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