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Abstract: A multimodal pre—training two—tower model called WuDao—Wenlan BriVL is proposed, which is trained through self—supervised
learning over 650 million image—text pairs crawled from the Web. This is the largest open—sourced Chinese image—text pre—training model.
Moreover, a multi—lingual pre—training single—tower model called WuDao—\WenLan MLMM is also proposed. Extensive experiments show
that these two models achieve the new state—of—the—art performance on multiple public benchmark datasets. In addition, experiments are
conducted to discuss what very—large multimodal pre—training models bring to text encoding, text—to—image generation, and image—text re-

trieval, as well as in what applications WenlLan can be applied in multiple fields.
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