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B2 ARG E(MEC S 2 HEMES(STIN B S HIMLS TP, £ B2 M504
SATEWNESRBRBHER, URACBPRZME(QoS) N ER, REEFRBAEF I
RE QM5 (DAN)BEEZBENE, KBEBREEEN—TEBRYKRRIFE(MDP), FED
EDRERGIEZTADBIREN DON PaPREHENIE, B BEMTERRSPEN
BravBsEN TS LEME , ABEMESPIGULKEIBIT Y  HMSHNRIEBE RS, 7+
WREHFAMNE. SHMSEANLHSRERE, NN CERFET . DONEEE
BRISHIEEE

FEE AGITE; RSEE ; BICFE S

Abstract: In the network architecture of mobile edge computing (MEC) and satellite terres—
trial integrated network (STIN), the satellite network and edge computing are sensitive to
delay and resources. To maximize user’s quality of service (QoS), a deployment mecha—
nism based on the reinforcement learning deep Q network (DQN) algorithm is proposed.
The deployment problem is described as a Markov Decision Process (MDP). The state and
deployment behavior of the satellite nodes are modelled as the state and action in the
DQN. The reward value is given by the satellite computing resources and the communica—
tion delay between the satellite and the user. Training in the neural network to optimize
the deployment behavior achieves the optimal deployment strategy. The proposed algo-
rithm is simulated and compared with other algorithms. The result shows that under the
same optimization target conditions, the DQN algorithm has better performance.
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