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Abstract: Artificial intelligence (Al) technology has developed for 60 years and made unprecedented achievements. Communication
network domain is the largest subdivision market of Al. In this paper, the history of Al technology development is introduced, as well as
the connotation and core elements. By expounding the driving force and general situation of the application and development of Al in the
field of communication network, five typical application scenarios of network Al are also presented. Finally, suggestions for the
development of network Al are given according to the three core elements.
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