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m Data—driven intelligent Operation & Management (O&M) has significant
importance for improving the efficiency of cloud platform maintenance. In this paper,
a time series clustering method based on structural features is proposed for
classifying large—scale metrics in cloud platform. A hierarchical scheme is adopted to

reduce the complexity of clustering. First, the time series are classified into two big
categories based on Fourier transformation: significant periodicity and non-significant
periodicity. Secondly, seven features are extracted from the data: seasonal degree
index, trend degree index, skewness, relative entropy, sample entropy, self—similarity
and Lyapunov coefficient. And then, the k—means algorithm is used to cluster the
time series in the feature space for each big category. The real data experiment
shows that the method proposed is able to distinguish the time series which contain

different characteristics.

feature extraction; time series clustering; data mining; cloud platform
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