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MAS the biggest big data, big video data imposes significant challenges to
storage, transmission, processing, and management, but it also provides an Rt B2 EAY

enormous amount of rich information and huge business opportunities. Deep learning 0 REZIME TN HBIEBRN
has fundamentally changed the way we understand visual information, from image i

classification to object detection and semantic segmentation, and from object
detection and tracking to the analysis of object attributes and behaviors in video. This
is especially true in understanding humans and vehicles. With the rapid growth of big
compute, big data, and advanced machine learning techniques such as deep learning,
active learning, transfer learning, unsupervised learning, and reinforcement learning,
machines will soon be able to see and understand the physical world in the same
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way as humans do.

deep learning; big video data; artificial intelligence
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