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m In this paper, Spark parallel computing cluster for memory is studied. Its
main work is about modeling and analysis of memory behavior in the computing
engine and making the cache strategy automatic. Thus, the scheduler can recognize
a valuable data object to be cached in the memory. A new cache replacement
algorithm is proposed to replace least recently used (LRU) and have better
performance in some applications. Thus, the performance and reliability of the Spark

computing engine can be improved.
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val points = spark.textFile(...).map(parsePoint).cache()
var w = Vector.random(D) // current separating plane

val gradient = points.map(p =>
(1 /(1 + exp(=p.y*(w dot p.x))) =1) * p.y * p.x).reduce(_ + _)

printin(” Final separating plane: ” + w)

val links = Spark.textFile(” HDFS:...”).map(...).cache()
val ranks = // RDD of (URL, rank) pairs

val contribs = links.join(ranks).flatmap {
(url, (links, rank)) =>
links.map(dest => (dest, rank/links.size))

ranks = contribs.reduceByKey((x,y) => x+y).
mapValues(sum => a/N + (1-a)*sum)

for (i <= 1 to ITERATIONS) {
w —= gradient
> & 1 }
2 45 B 3 & & i) Spark
LA
for (i <= 1 to ITERATIONS) {
}
PE2|
PageRankg\imS&agg ranks.save(” HDFS:...”)
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val file = spark.textFile(” hdfs:...”)
val links = file.map(parseArctile _)
val sortlinks = links.sortByKey()
sortlinks.saveAsTextFile(” hdfs:...”)
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for(i <= 1 to B) {

links1.count
links2.count

}

[2]

for(i <= 1 to B
links1.count

}

for(i <— 1 to 5) {
links2.count

}
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